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ABSTRACT

1. INTRODUCTION

Permission to copy without fee all or part of this material is granted provided
that the copies are not made or distributed for direct commercial advantage,
the VLDB copyright notice and the title of the publication and its date appear,
and notice is given that copying is by permission of the Very Large Data
Base Endowment. To copy otherwise, or to republish, to post on servers
or to redistribute to lists, requires a fee and/or special permission from the
publisher, ACM.
VLDB ‘06, September 12-15, 2006, Seoul, Korea.
Copyright 2006 VLDB Endowment, ACM 1-59593-385-9/06/09

965



Outline

2. SETUP

2.1 Models for automatic extraction
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2.2 Database representation of extraction un-
certainty

2.2.1 Segmentation per row model
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2.2.2 One-row model
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2.2.3 Multi-row model
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2.3 Quantifying approximation quality
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3. APPROXIMATIONS

3.1 One row model
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3.1.1 Computing marginals from model
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3.2 Multi-row model
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3.3 Enumeration-based approach
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3.4 Structural approach
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3.5 Merging structures
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4. EXPERIMENTS

4.1 Datasets

4.2 Error reduction with probabilistic data
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4.3 Comparing models of imprecision

4.4 Evaluating the multi-row algorithm

Dependence on input parameters
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5. RELATED WORK
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